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Term Frequency :tf,
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cf (Collection Frequency) &
df (Document Frequency)
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Word cf df
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» Figure 6.7 Collection frequency (cf) and document frequency (df) behave differ-
ently, as in this example from the Reuters collection.

http://nlp.stanford.edu/IR-book/pdf/06vect.pdf
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 Intra Cluster Criteria (925AXAZA3aXkL)
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e Partition Method

[Kaufman, Rousseeuw]
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Integer Programming model

dij=d(xi,xj) xi & xj DB
vi= 1 = xj D representative

O otherwise
xij= 1 ROxj [2Eo T, mxi BMEFREIND

O otherwse
min > > dij Xij

st. S yi = k (XK, 280 Tk{E)
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Xijj = yj (FELEL=6I12)



Partition Method

PAM (k-medoid -- sum of L1)

BUILD (incremental)
FIEZEIENTULVELY G, j (i AYcandidate)
d(i,j) & Dj ZLbE: Djld. SFTiDfE
Cji=max (Dj — d(i,j), 0)
Ti = 5Cj
maximize Ti(Ti AERAL i ZiET)
SWAP (i& h OXRBEEEZD)



Partition Method

PAM (k-medoid -- sum of L1)

BUILD (incremental)
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